Jobogobgbotboobugbuobgobouobouoogon

Four-wheeled Vehicle Control based on Fuzzy Target
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Abstract: The target setting knowledge acquired by trial and error in reinforcement learning is including the degree

of success for the achievement of the task. In this paper, we focus attention on this point and handled the target

setting knowledge (fuzzy set) acquired by reinforcement |%zarning. This target is “fuzzy target”. And it applied to

thefour-wheeled vehicle control, and the effectiveness of it was confirmed by the computer simulation.
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Fig.1 The Fuzzy Target
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Fig.2 Kinematics constraint in nonholonomic vehicle
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Fig.5 Cascade fuzzy controller
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Fig.6 Outline of the control system
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Fig.7 Detail of the Automatic Driving Part
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Fig.8 Demension of the field
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Fig.9 Fuzzy target at the vehicle state (Om,0m,0.257)
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